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Probability and  k=solid k=gas k=water k=fashion
Ratio

P(k | ice) 19x10*4 6.6 %10 3.0x103 17x10%
P(k | steam) 22x10° 78 %104 22x1073 1.8x10°
P(k | ice) / 89 85x102 136 0.96

P(k | steam)
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1) Local word vector
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E-tagger —VL
Morph: | Of0|® | Lto| | E2ixct| =2
E-Tag: | Person (0] (0} (0]
POS : A N A/ E

Dictionaries 1. Glove Word Dic
2. Local Word Dic
3. Etag Dic
4. POS Dic

Glove Word Idx: | 13 | 35 | 61 7
LocalWord Idx: | 5 | 66 | 1 3
Etagldx: | 4 0 0|0
POSIdx: | 1 | 1 | 3 | 6

Embedding Matrices

1. Glove Word Embedding Matrix (Dim:
H1) (NOT TRAINABLE)

2. Etag Embedding Matrix (Dim: H2)
(TRAINABLE)

41 3 POS Embedding Matrix (Dim: H3)
(TRAINABLE)

4. Local Word Embedding Matrix (Dim:

INPUT TO THE NETWORK v H4) (TRAINABLE)

Padﬁing Padﬁing

Pooling-1

VI A A B

SELU
Full

‘ Softmax ¢ ‘

Score for Score for Score for
class N class2  class1

*1 =& | Lecun, Y., Bottou, L., Bengio, Y. & Haffner, P. (1998). Gradient-based learning applied to
document recognition. Proceedings of the IEEE (Vol. 86, pp. 2278-2324). *2 1 | 0|, O|F %I, QlAul
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R., Manning, C. (2014). Glove: Global Vectors for Word Representation. Proceedings of the EMNLP (pp.
1532-1543) *4 =2 | Bojanowski, P., Grave, E., Joulin, A, Mikolov, T. (2017). Enriching Word vectors with
Subword Information. Transactions of the Association for Computational Linguistics (Vol. 5, pp. 135-146)
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